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Abstract

This paper formalizes an efficient method for obtaining the general form of the
inverse Jacobian mapping for redundant manipulators, referred to here as the re-
duced Jacobian method. The method allows for a symbolic form of inverse Jacobian
to be derived, providing high accuracy and low computational cost. The analytic
derivation of singular configurations is achieved in the process, providing stability of
solution and a better insight into the kinematic characteristics of a given manipu-
lator. The approach is based on parameterizing selected joints to define a reduced
Jacobian, and on obtaining a particular inverse Jacobian solution as well as the ho-
mogeneous solution in the Jacobian null space. An efficient procedure for the avoid-
ance of algorithmic singularities is also discussed. The reduced Jacobian method
also provides an efficient computation scheme for the pseudo-inverse matrix and the
null space projector operator. Additional computational complexity reduction is
obtained when the method is applied to manipulators with a redundant spherical
wrist, as shown by a case study based on the 8-DoF AAI arm. Given the formal-
ized method for obtaining a fast, general and stable solution of inverse Jacobian for
redundant manipulators, the user can apply criteria for redundancy resolution in
terms of a convenient and independent higher level algorithm.



1 Introduction

A robotic manipulator is called redundant when it contains more degrees of freedom (DoF)
than required for the task execution. The basic reason for introducing extra joints may be
summarized in the following statement:

“The remarkable dexterity and versatility that the human arm exhibits in per-
forming various tasks can be attributed largely to the kinematic redundancy of the

arm, which provides the capability of reconfiguring the arm without affecting the
hand position.” [29]

The use of redundant manipulators for the purpose of enhancing performance introduces a
fundamental problem. Given the end-effector configuration, velocity or acceleration, there are
infinite corresponding joint configurations, velocities or accelerations. The problem of selecting
one out of the many solutions is referred to as redundancy resolution.

Most researchers have been exploring redundancy resolution in the velocity domain for two
main reasons: (1) the lack of a general solution for the inverse kinematics problem in the
configuration domain, and (2) the convenience of dealing with the linear system based on the
Jacobian matrix. The Jacobian is a matrix of partial derivatives, representing the transformation
of velocities from the joint space to the task space:

& =Jo (15

The mapping from the task space (where the task is given) to the joint space (where the
robot actuators are being driven) requires some form of inverse transformation. The use of
pseudo-inverses for this purpose was first suggested in [2]:

6=Jte+(I—J"))p (2)

where J* = JT(JJT)~! provides the minimum Euclidean norm solution and (/—J%J) represents
the null space projector operator. This is a general inverse mapping in the sense that any
particular 8 satisfying equation (1) can be represented by equation (2) for some vector ¢.

With the exception of a few contributions (e.g. [4]), very little had been done in this area
until recently, when problems with non-redundant manipulators triggered the need for an in-
creasing number of joints. We began realizing that the need for real time control algorithms
often prohibited the implementation of computationally demanding schemes such as the pseudo-
inverse-based general solution (2). The increasing computational power of new technologies and
architectures is not likely to alleviate this burden in the years to come because of the corre-
spondingly increasing demand for more complex algorithms. For instance, global optimization
methods require the extensive use of pseudo-inverses [13, 19, 22, 30]. In addition, numerical
schemes tend to increase the size of the unstable neighborhood of singularities due to error
propagation, since the pseudo-inverse solution is extremely sensitive to small numerical pertur-
bations [32].

Several alternatives to the numerical pseudo-inverse have been proposed in the literature.
The use of the Jacobian transpose with iterative convergence is described in [9, 14, 25], where
the inversion is avoided at the expense of the need for iterations and difficulties in handling the
null space.



[11, 12] propose the incorporation of functional constraints as additional rows to the original
Jacobian matrix, defining the extended Jacobian — a square matrix and therefore invertible.
The constraints are based on a performance index to be maximized (or minimized). In this
case, the redundancy resolution is incorporated in the Jacobian inversion process. This scheme
introduces undesirable algorithmic singularities and the inversion is essentially numeric as well.
Furthermore, the manipulator has to track the exact local optimum configuration at each sam-
pling time, which may not be feasible in the neighborhood of algorithmic singularities due to
mechanical velocity limits of the joints and actuators [23]. The combination of both approaches
was described in [29] with the use of the transpose of an extended Jacobian.

The pseudo-inverse approach presents yet another inconvenient property. The minimum
norm solution produces non-cyclic behavior, i.e. closed paths in the task space do not produce
in general closed paths in the joint space [6, 18]. The addition of a null space term based on
optimizing a performance criterion overcomes this difficulty, producing quasi-cyclic behavior. It
is not exactly cyclic because the null space term gives us the direction to correct local deviation
from the optimal path and, therefore, the system follows closely the optimum trajectory but a
small local deviation is always present [17].

In light of the above difficulties, some researchers propose approaching the inverse kine-
matics problem in the configuration domain [17, 18], but the need for some form of Jacobian
inverse mapping has not been totally eliminated, unless a symbolic form solution for the inverse
kinematics in the configuration domain is readily available [40].

Given that most of the current research in redundant resolution is based on the availability
of the pseudo-inverse and the null space projector operator [16, 35], it would be desirable to
compute the pseudo-inverse-based general solution using a computationally efficient algorithm.
Several schemes have been recently proposed to produce computational efficiency [24, 34, 38],
assuming informally the existence of a particular inverse solution based on what we call a reduced
Jacobian.

In this paper we will formalize and discuss in detail the reduced Jacobian concept, describing
the algorithmic singularities introduced by the method and how to avoid them. In addition, the
complete and general solution is analyzed, allowing us to compute the pseudo-inverse matrix and
the null space projector efficiently. We extend the RPJ decomposition concept [27] to describe
the framework under which the symbolic inversion of a reduced Jacobian can be successfully
derived. The 8-DoF AAI Arm is used as a case study, showing the efficiency of the proposed
scheme.

The paper is organized as follows. In the next section, we present the notational convention
and a summary of the RPJ decomposition method. In section 3, we formalize the reduced Jaco-
bian approach, discussing algorithmic singularities and the general solution. Symbolic inversion
and singularities are discussed in section 4 under the redundant spherical wrist constraint. The
procedure which allows the efficient computation of the pseudo-inverse matrix and the direct
application of several redundancy resolution schemes is discussed in section 5. We present in
section 6 the application of the method to the 8-DoF AAI arm. Section 7 is a summary and
conclusion. Two appendices are incorporated, giving details on the RPJ decomposition and the
detailed singularity analysis of the AAI arm. The contribution of this paper, as outlined in
the previous paragraph, is blended with contributions of several researchers, which are properly
noted in the manuscript. We have chosen this format in order to provide a smooth and com-
prehensive evolution of the concepts discussed, friendly to readers who are not familiar with all
the contributions in this particular area.



2

Preliminaries

In order to ease the understanding of the concepts being reviewed or presented in this article,
we initially define the notation being used throughout the paper, followed by a summary of the
Jacobian decomposition method referred to here as RPJ decomposition.

2.1

1

Notational Convention

Vectors

Vector is a well known entity, but we are used to thinking of it in terms of its coordinates.
Naturally, we need to represent it numerically, but its existence is independent of the
representation. The abstract concept of coordinate-free vectors is used here in order to
explore properties of vector algebra which are not coordinate dependent. For instance, the
position vector of a point in space with respect to another does not depend on a particular
representation frame. Its coordinates may vary depending on the representation frame,
but the vector itself is invariant.

We assign three attributes to a vector in the task space:

e The description point, termed the vector of . ..
e The reference point, termed with respect to ...
e The representation frame, termed represented on ...
The reference point has traditionally been the origin of the representation frame, but
we decouple those attributes in this paper. The following convention is adopted (unless
otherwise stated):
(a) A vector is written as a boldface lower case character.
(b) The reference is noted as a right superscript.
(c) The representation frame is noted as a left superscript.
(d) The description and additional characteristics (sub-vectors, decompositions) are noted

as right subscripts.

When the representation frame is missing in the notation, we are considering a coordinate-
free vector. When the reference is missing, we assume it to be the origin of the represen-
tation frame:

. A.
1. B
v; =

3)

For instance, ipf stands for the position vector of j with respect to k, represented on frame
i. The indices are usually numbers of the corresponding frames. The reference point is
taken by default as the origin of the corresponding frame.

The rules for the assignment of indices are extended to matrices.



2. Matrices

Upper case characters refer to matrices. A homogeneous transformation is indicated as
*T;, referring to the transformation from frame j to ¢, i.e., the configuration of frame j
represented on frame ¢. Furthermore,

7

(4)

im & | 'n; ‘o; ‘a; ‘p;
1 [0 0 0 1]’

where mj,0;,a;, known as normal, orientation and approaching vectors, are the unit
vectors of frame j. They are combined in a matrix called a rotation matrix:

>

iRj a; | . (5)

3. Space Variables

Although homogeneous transformations are convenient for representing configurations in
the task space, they are clearly redundant, since there are 12 scalars for a 6-DOF task
space. We can use an alternative representation, as a 6-dimensional vector:

=25 .

where ) is the angular position vector. The transformation between the rotation matrix
and the angular position vector is not explored in this paper. The interested reader is
referred to [28]. Furthermore, the task velocity vector is given by:

where w is the angular velocity and v = p is the linear velocity.

Analogously, we define a vector for the configuration in the joint space. The dimension of
a joint space is n, the number of joints:

0
a2 | ?|. (8)

In this paper, only revolute joints are considered. The derivative of € is the joint velocity
vector:

6,
. 0
o= "°1. 9)

0,



2.2 RPJ Decomposition

Conceiving Jacobian as a vectorial matrix, we may select a convenient representation coordinate
frame ¢ and a convenient velocity reference point r in order to reduce the complexity of the
Jacobian symbolic form. It may be interpreted as a generalization of the arm decomposition
method.

A summary of the formulation for RPJ decomposition follows?:

~ R, 0 ~ I 0
b _ c T __
RC‘[O "Rc]’ Pn‘[—PX; I]’

] — cao e Cai—l 55w ca'n—l (10) ‘
T 0 i—1 =
cao X cpT - ca’i_1 % cp:‘ . caﬂn_1 % cp:, 1 L

Oy = YR, Pr <.,

The spherical wrist geometry reduces Jacobian complexity further and becomes an advantage
in the task of singularity analysis and Jacobian inversion, as we will discuss in section 4.

The basic motivation for the choice of r and ¢ is the minimization of Jacobian symbolic
complexity. ¢ = 0 and r» = n describe the original Jacobian: the velocity of the end-effector
represented on the base (inertial) frame. However, the symbolic complexity is high. Having r
and ¢ somewhere in the middle of the serial structure, we can distribute the complexity among
the R, P and J matrices. The new Jacobian matrix becomes very sparse, the middle columns
trivial and both extreme columns much less complex when compared with the original Jacobian
matrix. For a spherical wrist arm, further simplification is provided by the occurrence of a zero
sub-matrix.

But what does RPJ decomposition represent? From the mathematical point of view, we
have extracted some non-singular components from the original Jacobian, since °R, and CPT
are intrinsically non-singular. The symbolic expressions of the new Jacobian elements become
notably simpler for a wise choice of r and ¢, and yet no information for its analysis as a system
is missing. Further details are found in Appendix A.

The principles behind RPJ decomposition have been applied in recent literature [26, 23]. We
have adopted the notation suggested in [27] in order to explore the convenience of the formalism
and the abstract concepts, as well as their physical meaning.

1 PX is a skew-symmetric matrix, representing the cross product operator associated with the vector p.
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3 Reduced Jacobian

The reduced Jacobian method is based on decomposing the many-to-one Jacobian mapping
into two complementary mappings, where one of the mappings is made to be bijective (i.e.,
one-to-one and onto) by reducing the dimension of the joint space to that of the task space.

Suppose our robot consists of n revolute joints (n > 6) and has a 6 x n Jacobian matrix J.
By selecting n — 6 joints as parameters, we can decompose J into two sub-matrices:

1. Reduced Jacobian, Jg. A 6 X 6 matrix obtained by removing the columns associated
with the parameter joints from J.

2. Parameter Jacobian, Jp. A 6 x (n—6) matrix composed of the columns associated with
the parameter joints, as the complement of the reduced Jacobian.

Consequently, the following equations hold:

&r = JrOr,
&p = JpOp, (11)
& =g+ &p,

where 8 and 0p represent the reduced joint sub-vector (non-parameter joints) and the param-
eter joint sub-vector respectively.

We introduce the pair column/row shuffle operation into the Jacobian equation in order to
isolate the parameter joints:

JS:[JR : JP]éJS

519 — [ Or ] 24, (12)
Op

T = JSS_IO = Jgés

The shuffle operation matrix pair {S,57!} may be weighted to account for uneven capabil-
ities among the various joints and actuators [15, 21]. It may also be used to devise a minimum
kinetic energy solution [2, 19].

The inverse solution can be represented by the following expression:

éRIJI;l (d}—Jpép) . (13)

Equation (13) indicates that a particular inverse Jacobian solution can be obtained from the
task velocity @ by setting 0p and computing Jg'. A general inverse Jacobian solution is the sum
of a particular solution and the homogeneous solution in the Jacobian null space. The method
for obtaining the homogeneous inverse Jacobian solution will be discussed in section 3.2.

Since equation (13) is independent of the representation and the reference point, we can
apply RPJ decomposition to simplify the derivation of Ji' in a symbolic form.



3.1 Singularities

Two types of singularity can be defined in this approach. The first type is referred to as a
system singularity. System singularities occur at particular joint configurations, where the arm
can not generate motion in a certain task space direction. The system singularity is an intrinsic
characteristic of the robot and should in general be avoided in order to maintain dexterity.

The second type is referred to as an algorithmic singularity. The algorithmic singularity is
introduced by the choice of parameter joints for building a reduced Jacobian and is given by
det Jg = 0. When the reduced Jacobian becomes singular at a particular joint configuration,
non-parameter joints alone are not capable of generating velocities in arbitrary directions of
the task space. Notice that even though this type of singularity is introduced by the method of
solution, it has a simple geometric interpretation, it is avoidable and, as opposed to the extended
Jacobian method, it is independent of redundancy resolution criteria.

To avoid situations where no solution exists due to algorithmic singularities, we build a set
of reduced Jacobian matrices Jg,,z = 1,---,¢ using different choices for the parameter joints,
such that any algorithmic singularity introduced by Jg; can be covered by at least one of the-
remaining matrices Jg,,j # i. Such a matrix always exists due to the fact that the Jacobian
matrix has full rank [5].

The number £ of reduced Jacobian matrices and the choice of parameter joints for each Jp,
depend on the mechanical structure of the arm, as well as the given task. Nevertheless, we are
providing general criteria for directing the selection, as in the previous paragraph.

We previously suggested that a system singularity should be avoided. But sometimes this is
not possible. In this case, the inverse Jacobian in symbolic form is a significant advantage when
compared with most numerical methods. When the arm is incapable of generating a certain
task velocity component, we are still able to solve the system for the remaining components.
This alternative is costly to achieve with numerical methods, as in resorting to singular value
decomposition, but the solution is efficient when based on symbolic expressions.

3.2 Null Space

The manipulator redundancy introduces a powerful concept for system resolution and analysis.
Redundancy implies that we can change the joint space configuration without changing the end-
effector position and orientation through some coordinate motion of the joints. This phenomenon
is also called internal motion or self-motion.

Null space is the subspace of the joint velocity space such that its velocities have no effect
on the end-effector position and orientation [8].

We can rewrite equation (13) as follows:

0s = épart + 0n, (14)
where
- Jp'e
= . 15
epart |: 0P — 0 :| ( )

is a particular solution for the joint velocity vector, with the parameter joint velocities set to



Oy = l Tz, JpOp ] (16)

0p

is a null space joint velocity. Equation (16) has a simple, yet important physical interpretation.
It shows that what parameter joints do in terms of end-effector displacement is undone or
compensated by the reduced joints, thus preserving the end-effector position and orientation.

We have just outlined a procedure for generating null space velocities. Having an arm
composed by n joints, the null space is in general of rank n — 6. We select one of the parameter
joints, set its velocity to a fixed level, say, one unit, and apply (16) to obtain the corresponding
null space velocity vector. If we follow this procedure for every parameter joint, the result is a
set of n — 6 linearly independent vectors which span the null space of J [17]. The vectors are not
orthonormal, but every null space velocity can be generated as a linear combination of them.
In other words, a basis for the null space is obtained. '

The task space velocity due to a parameter joint velocity set to one unit is numerically equal
to the corresponding column of the Jacobian matrix. Therefore, the null space vector generated
by a generic @p is:

On = Nop, (17)
where

N

ve -] »

is a n X (n — 6) matrix with its columns corresponding to a set of basis vectors for the null
space. The presence of the identity sub-matrix Ip guarantees that the columns of N are linearly
independent.

The matrix N could be symbolically evaluated, but there is little need for that, since only a
simple matrix-vector multiplication is required and the elements have already been numerically
evaluated for application in the particular solution. The algorithmic singularities associated
with the null space generation method are due to the singularities of Jr, and have already been
considered.

3.3 General Solution

A compact, yet complete and general formulation for the inverse Jacobian problem is discussed
in this section.
The components of equation (14) can be combined into a single matrix transformation:

. [ JRY —Jg'Ur || ®
os_[ A ie |- (19)

Several aspects of equation (19) follow:

2n fact, we may set the parameter joint velocities to any finite value. We notice, however, that the resulting
joint velocity incorporates only an extra null space shift. Therefore, zero velocities for the parameter joints do
not affect the general solution and simplify the computation of the particular solution.



1. The solution is fully symbolic (therefore computationally efficient), provided that Jg! is
available in symbolic form.

2. The solution is derived in the “shuffled” space. Returning to the original joint space is
trivial and given by equation (12).

3. The n X n system has full rank, provided that the manipulator is not in algorithmic
singularity, i.e. the reduced Jacobian is invertible.

4. The corresponding parameterized forward Jacobian mapping is given by:
& ] [Ja Jp ][ 6r |
AR e
5. The sub-vector @p spans the entire null space of the manipulator, which guarantees the

completeness of the solution since for any particular solution there is one (and only one)
0p such that equation (19) is satisfied.

6. A simplified algorithm can be devised for the selection of the n — 6 parameters p in order
to speed-up the redundancy resolution task and ensure real time implementation.

3.4 Reduced Jacobian Selection

Although any choice for the parameter joints produces the same general solution, provided
that the arm is not in algorithmic singularity with respect to that choice, the proximity of a
singularity produces numerical instability, affecting the accuracy of the solution.

Given that we have a set of reduced Jacobian matrices to choose from, it is recommended to
select the one which is the farthest of all from any singularity. For this purpose, a measure of
distance to a singularity is desired. Two measures have been explored in the literature, namely
the condition number (the ratio between the largest and the smallest singular value) [33] and
the manipulability [10].

The manipulability is in general defined as w = (det(JJ” )%, but since we are considering a
square matrix — the reduced Jacobian — the manipulability is simplified to:

wg, = | det(Jgr,)|- (21)

We adopt the use of the manipulability measure for computational efficiency, since it requires
only the evaluation of the determinant of the reduced Jacobian matrices, which are available in
symbolic form. The algorithmic singularities associated with a reduced Jacobian are given by
det(Jr) = 0. A reduced Jacobian with a small manipulability is expected to be dangerously
near a singularity. Notice that the manipulability is used here as a relative measure, since the
selection is based on the comparison of determinants.

The reduced Jacobian with the largest determinant in absolute value is not necessarily the
farthest from any singularity in the Euclidean sense, nor it leads to the best conditioned matrix,
but the objective of preventing numerical instability is accomplished, justifying our choice.
Notice that we are considering only a subset of all possible reduced joint combinations, those
for which the symbolic inverse is available. As we will discuss shortly, there is no need for the
symbolic inversion of all possible reduced Jacobian matrices. We may consider only a suitable
set, designed to prevent undesirable algorithmic singularities.
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4 Symbolic Inversion

The reduced Jacobian approach is general and can be applied to any redundant manipulator.
Symbolic inversion of a reduced Jacobian can be successfully accomplished when the reduced
Jacobian matrix is sparse and has symbolic elements with a simple form. However, the effort for
the derivation of inverse Jacobian in symbolic form is significantly reduced if the manipulator
holds the spherical wrist property.

4.1 The Redundant Spherical Wrist

Spherical wrist is a geometric characteristic common to a class of serial robot arms [7]. A
non-redundant spherical wrist can be characterized by the following equivalent properties:

e Geometry: the last three joint axis intersect at the same point.
e D-H parameters [1]: a2 = a¢p—1 = a, =0 and d,_; = 0.

We use the term “wrist” because it corresponds to the terminal joints of the serial structure..
The term “spherical” comes from the fact that any orientation in the 3-dimensional space can
be obtained by moving the wrist joints, without affecting the position of the end-effector. It is
assumed that the twist angles are properly designed to provide mechanical means for covering
the entire orientation range.

The main property of this class of manipulators is that the origin of frame n — 2 can be
computed in terms of the end-effector task configuration alone:

Prz = Py — dn@y. (22)

As a consequence, we can mathematically decouple the derivation of position from orientation
of the end-effector.

Next, we extend the definition above to include redundancy. The redundant spherical wrist
is thus defined as a set of u terminal intersecting joint axis, for v > 3. The corresponding
D-H parameters are described in Table I. The origin of the lowest frame located at the wrist
intersecting point is p,_,,; and the property given by equation (22) still holds for this point.

Table I: Denavit-Hartenberg parameters for a redundant spherical wrist arm.

” link ¢ | length a; I distance d; ”

n—u++1 0 dp—ut1
n—u+42 0 0
n—1 0 0
n 0 d,,

There are equivalent properties in the velocity domain. A wise choice for r and c¢ in the
RPJ decomposition produces a considerable simplification of singularity analysis and inverse
Jacobian derivation. In fact,

c=n—u (23)

11



and

r=c+1 (24)
produce a corresponding Jacobian matrix in the following form:
= | 4B (25)
T D 0 b

where B, 0 (a zero matrix) are 3 x u sub-matrices and A, D are 3 X (n — u) sub-matrices.
The spherical wrist joints define the upper arm and the remaining joints define the lower

arimi.

4.2 Reduced Jacobian Set

For a simple symbolic inversion, it is desirable to have a reduced Jacobian maintaining the spher-
ical wrist geometry. We can divide the entire Jacobian into two sub-matrices: one consisting of
the u columns associated with the spherical wrist, Jy, and the other consisting of the remaining
n — u columns, Jy.

By removing u — 3 columns from Jy, we reduce the upper part to a non-redundant spherical
wrist. Therefore, any combination of 3 columns from Jy and 3 columns from Ji, is a spherical
wrist reduced Jacobian and the symbolic inversion method discussed in Appendix A can be
applied.

Regarding algorithmic singularities, suppose that we are able to select two different subsets
of parameter joints from Jy, such that the corresponding B matrices are not simultaneously
singular. Analogously, for two subsets of parameter joints from Jy,, the corresponding D matri-
ces are not simultaneously singular. By doing so, we have guaranteed that 4 reduced Jacobian
matrices are never simultaneously (algorithmically) singular when we define them as the com-
binations of one subset of Jyy with one subset of Jz. In this case, the only effort is to invert four
(usually sparse) 3 x 3 matrices symbolically.

4.3 System Singularities

The evaluation of det(D) for all possible combinations of parameter joints from J, provides an
important result. Since no upper joint is capable of covering positioning singularities of the
lower part due to the spherical wrist geometry, every singular condition common to all those
combinations is a system singularity. In fact, at least one linear velocity in a particular direction
can not be generated. Using the symbolic form, we can explicitly obtain that direction. This
method enables us to derive singular configurations of a redundant manipulator analytically; an
important property in itself.

Unfortunately, this result can not be fully extended to the upper part, because the loss of
rank in the orientation of the end-effector due to the upper part singularity can be potentially
covered by the positional null space of the lower part. However, the system singularity in terms
of angular velocities has the algorithmic singularity of B as a partial condition. In other words,
the singularity of the upper part, together with a condition where the lower part loses its null
space capability of covering the loss of rank in the upper part is also a system singularity. Again,
using the symbolic form, we can explicitly obtain that condition.

12



5.1 Redundancy Resolution

The reduced Jacobian method does not embed any algorithm for redundancy resolution. It
rather provides an efficient and general solution for the Jacobian inversion of a redundant
manipulator, which can be used to emulate the pseudo-inverse-based general solution. Any
performance criterion aiming at finding the optimal solution can be implemented as a higher
level layer. Among possible criteria we mention manipulability, obstacle avoidance, singular-
ity avoidance, joint limits avoidance, power consumption minimization, fault tolerance [36] and
task-priority [16].

We may conceive the performance as a collection of desirable attributes and associate an
artificial potential function in the n-dimensional joint configuration space to each attribute.
The integration of the attributes form a combined criterion (H) and is accomplished by the
superposition of all potential functions [35]. The optimization is obtained by projecting the
gradient of the potential function onto the null space. We realize, however, that this method gives
us only the direction for optimization. The magnitude depends on the capabilities of the arm
and stability considerations [31]. At this point, the advantage of decoupling Jacobian inversion
from redundancy resolution becomes apparent. The magnitude of the null space component can
be adjusted without the need for reiterating the Jacobian inversion process. In addition, the
performance criterion itself can be modified independently and on-line.

For instance, let us suppose that the shuffle matrix S in equation (12) is weighted by the
corresponding joint velocity limits, such that the joint velocity limits in the shuffled space
are uniform, represented by a n-dimensional cube centered at the origin. We can define a
conservative limit by inscribing a n-dimensional sphere in the cube and the optimal solution
will be the intersection of the locus of the optimal solution and the sphere, as shown in figure 2.
We can easily explore the property given by equation (32) and devise the following redundancy
resolution scheme:

k= NT (VsH)

L4 % 0+ 2 2

P =107+ b = o= (% )
Oope = 07 + N (k).

The scheme above will produce a constant norm of the uniform joint velocity vector through-

out the trajectory. Alternatively, we can intersect the locus of the optimal solution with the
n-dimensional cube itself, generating the following redundancy resolution scheme:

On = Nk

2N Ay
o= m_in <Sgl’l(01\]1)p 01 ) (34)
¢ Oni

éopt = é+ + aéN.

The redundancy resolution procedures described above are representatives of efficient schemes
for redundancy resolution which explore properties of the reduced Jacobian method discussed
in this paper.
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Figure 2: Velocity-based solution optimization using the reduced Jacobian approach

Figure 2 shows the geometric interpretation of the contribution of several elements in the
optimization procedure (33) based on the reduced Jacobian method.
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